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Abstract 
Dim small target is an active and important research area in image processing and pattern recognition. Various 
algorithms have been proposed to detect and track dim small target. This paper reviews some algorithms for dim 
small target detection, including the wavelet based algorithms, inter-frame difference based algorithms and filter 
based algorithms. Also, the further development of the technologies has been briefly analyzed. 
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1. Dim small target models
The size of dim small target is very small, and the signal intensity is very weak as well. The intensity 
distribution of a dim small target in an image could be well modeled by the following 2D Gaussian 
function [1, 14]: 
S(x,y)=exp{-[(x/σx)2+(y/σy)2]/2}.                                                    (1) 
S(x,y) is the target intensity. (x, y) represents the spatial coordinates of the target. σx, σy are horizontal 
and vertical extent variances, respectively. 
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The observation of a random image embedded with dim small target could be modeled as [1, 14] 
f(x,y,k)=S(x,y,k)+ fb(x,y,k)+n(x,y,k), k=0,1,2,…,                                          (2) 
where，f denotes an image embedded with dim small target, S represents the signal intensity of the target, 
fb is the clutter background，n is the noise of image. This model is named as the SPN (Signal Plus Noise) 
model. 
An image only consists of the target and noise [1, 14] could be obtained after subtracting the clutter 
background from the original image as follows. 
fT(x,y,k)=f(x,y,k)- fb(x,y,k)=S(x,y,k) +n(x,y,k).                                        (3) 
This mathematical model indicates that, ideally, the target could be correctly detected if the image 
background could be estimated accurately and the noise in the image could be excluded. However, in real 
cases, the background and noise of image are difficult to be estimated if the background is clutter and the 
target is dim. So, many background estimation algorithms are proposed to suppress the influence of 
complex background and noise, and to achieve the target enhancement and detection [1, 14-23] based on 
the given SPN model. 
2. Some researches on dim small target detection
Effective algorithm of dim small target detection should have good performance for target recognition 
in single frame image and thus decrease the difficulty of target tracking in the image sequences. 
Therefore, research on the target detection is very important. To effectively detect the dim small target, 
many algorithms [1, 14-23] have been proposed, including the wavelet based algorithms, inter-frame 
difference based algorithms, filter based algorithms and so on. 
2.1 Wavelet based algorithms 
Wavelet is one of the important mathematical tools [24] in image processing, which has been widely 
applied in target detection [7, 23-27]. Wavelet possesses many advantages, including: (1) the ability of 
being able to completely reconstruct; (2) decomposing an image following the structure information to 
highlight the ROI (region of interest); (3) having fast computation method; (4) providing the directional 
sensitivity complying with human vision; (5) Being a multi-resolution analysis method, which could be 
used to analyze image features in different scales. 
Dim small target detection based on wavelet [7, 23-27] mainly takes the advantages of the multi-scale 
analysis method of wavelet to discriminate the background and ROI. Image information generated by 
wavelet in different scales supplies the feature information that could distinguish the target and clutter 
background, which means that the features of the target and background at different wavelet scales are 
different. Based on this idea, many methods of dim small target detection in clutter background using 
wavelet are proposed [7, 23-27]. However, images with low SNR may affect the performance of the 
wavelet based algorithms. 
2.2 Inter-frame difference based algorithms 
Inter-frame difference [28] analyzes the moving property of target in image sequence using the 
absolute value of the gray value difference of two frames, which could determine the possibly moving 
targets. If the absolute value of the difference is less than a threshold T, there is no target; otherwise, there 
is target. Inter-frame difference based algorithms could be categorized into different methods following 
different threshold selecting ways. The simplest and easiest way is setting thresholds for each frame. 
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However, this way is mainly effective for images with good contrast between the foreground and 
background. Furthermore, it may be sensitive to the changing of the sensor or illumination. To improve 
the performance of inter-frame difference based algorithm, some improved inter-frame difference based 
algorithms are proposed, such as the hypothesis testing based algorithms [29], high order statistic based 
algorithms [30], self-adaptive background subtraction based algorithms [31] and so on. 
Inter-frame difference algorithms based on hypothesis testing determine the possible targets and noises 
through developing statistic models and hypothesis testing. These algorithms detect not only the targets, 
but also the cavities left by the motion which are false alarms. The next problem is how to eliminate the 
false alarms and keep the real moving objects, which increases the difficulty of the post-processing of the 
algorithms. 
Inter-frame difference based on high order statistic gives a rough detection and motion estimation to 
obtain the high order statistic of the inter-frame difference through random signal detection using the 
local model, but the problem of the cavity is still remained. 
Inter-frame difference based on self-adapting background subtraction firstly obtains the estimated 
background through the averaging of consecutive images, then self-adaptively updating the estimated 
background by using the motion properties of the multi-frames, which could be used to detect the possible 
targets through subtract the estimated background from images. As these algorithms obtain the 
background through self-adaptively estimating the background, it is named self-adaptive background 
subtraction. Although the performance of the self-adaptive background subtraction is prior to that of the 
background subtraction based on Kalman filtering, over-lapping problem may exist in the result. Also, 
because of the contrast between the detected moving target and the background is small, the post-
processing is still not easy.  
The analysis above indicates that, inter-frame difference based algorithms may produce possible false 
alarms, which affects the performance of these algorithms. However, combining the superiorities of these 
algorithms with other methods may improve the performance of these algorithms. 
2.3 Filter based algorithms 
In many cases, because the target regions are dim and the sizes are small, dim small target could be 
recognized as the noise region which is different from the clutter background. In this situation, image 
background could be estimated through mage filters, and then the targets could be detected through 
subtracting the estimated background following equation (3). But, because there are many noises in 
clutter background image, the crucial part of filter based algorithms is to design a filter that could both 
well filter target regions and suppress noises. 
The traditional mean filter and median filter perform well in some cases. But, they are sensitive to the 
clutter background. Maxi-mean filter [21] and max-median filter [21] designed by Deshpande based on 
the gray distribution characteristic of target region could suppress clutter background and detect the real 
target region, but they suffer the disadvantage of sensitive to the changing of parameters. To suppress the 
effect caused by the parameters to the filter based algorithms, Soni [15] analyses the none-parameter filter 
method in details. These algorithms do not very sensitive to the parameters, which could be effectively 
used for dim small target detection. But, very clutter background will still affect the performance of these 
algorithms. Various filters for dim small target detection [4, 8, 15-17, 20] have been designed based on 
the gray distribution difference between the target region and background regions. But, the performance 
of these filters is still limited in the image with very small target region or un-clear difference between the 
noise and target regions. 
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8. 
3. Conclusion and future directions
Based on the survey of some dim small target detection algorithms, most of them are based on one or 
several mathematical tools and have certain limitations. The key task of the dim small target detection in 
clutter background is detecting the real target region from the clutter background fast and efficiently. 
However, most of the algorithms have defects in efficiency or fastness. So, two important problems 
should be solved. (1) To effectively detect dim small target, the algorithms should well distinguish the 
noise and clutter background. (2) To fast detect dim small target, the algorithm should be simple. All of 
these will increase the difficulty of the dim small target detection and tracking. In conclusion, the future 
directions of dim small target detection are using reasonable mathematical theory, being easily 
implemented in hardware and having high computation efficiency, so that the algorithm would be both 
effective and fast. 
Acknowledgements 
This work is partly supported by the National Natural Science Foundation of China (60902056) and 
Weishi Foundation of BUAA (YWF-11-03-Q-065).  
Reference
[1] Zhang, F., Li, et al. Detecting and Tracking Dim Moving Point Target in IR Image Sequences. Infrared Physics and Technology,
2005, 46:323-328. 
[2] Xu b.，Zheng L.，Wang Y.X., et al. Survey of Dim Target Detection and Tracking in Infrared Image Sequences. Infrared and 
Laser Engineering, 2004, 33 (5):482-487. 
[3] Askar H., Li X. F., Li Z. M.. Performance Analysis of Dim Moving Point Target Detection Algorithm. Proceedings of the IEEE 
2002 International Conference on Communications, Circuits and Systems and West Sino Expositions, 2002:605-609. 
[4] Li J. C., Shen Z. K., Lan T.. Detection of Spot Target in Infrared Clutter with Morphological Filter. Proceedings of the IEEE 
1996 National Aerospace and Electronics Conference, 1996:168-172. 
[5] Chi J. N., Fu P., Wang D. S., et al. A Detection Method of Infrared Image Small Target Based on Order Morphology 
Transformation and Image Entropy Difference. Proceedings of the Fourth International Conference on Machine learning and 
Cybernetics, Guangzhou, China, 2005:5111-5116. 
[6] Long J.S., Zhu L.Z., Kang S. Z.. A New Method for Point-target Detection in Infrared Imagery. Proceedings of the IEEE 
National Aerospace and Electronics Conference, 1992:250-253. 
[7] Giuseppe B., Angelo C., Antonio P.. Small Target Detection Using Wavelets. Proceedings of the International Conference 
on Pattern Recognition, 1998:1776-177
[8] Askar H., Li X. F., Li Z. M.. Background Clutter Suppression and Dim Moving Point Targets Detection Using Nonparametric 
Method. Proceedings of the IEEE International Conference on Communications, Circuits and Systems and West Sino 
Expositions, 2002:982-986. 
[9] Zhang H., Zhao B. J., Mao E. K.. A Real-time Effective Method for Infrared Point-target Detection in Spatially Varying Clutter. 
Proceedings of the CIE International Conference on Radar, 2001:461-464. 
[10] Hsieh F. Y., Han C. C., Wu N. S., et al. A Novel Approach to the Detection of Small Objects with Low Contrast. Signal 
Processing, 2006, 86:71-83. 
[11] Takashi H., Kouichi S., Shin-ichi K., Shigeki I.. Detection of Small Moving Object by Optical Flow. Proceedings of the 
International Conference on Pattern Recognition, 1992:474-478. 
[12] Yang W. P., Shen Z. K., Li Z. Y.. The Application of Difference Method to Dim Point Target Detection in Infrared Images. 
Proceedings of the IEEE National Aerospace and Electronics Conference, 1994:133-136. 
[13] Mukesh A. Z., S. N. M., Uday B. D.. Tracking Multiple Point Targets Using Genetic Interacting Multiple Model Based 
Algorithm. Proceedings of the International Symposium on Circuits and Systems, 2004:917-920. 
[14] Leonov, S.. Nonparametric Method for Clutter Removal. IEEE Trans. Aerospace and Electronic Systems, 2001, 37 (3):832-848. 
[15] Soni, T., Zeidler, et al. Performance Evaluation of 2—D Adaptive Prediction Filters for Detection of Small Objects in Image
Data. IEEE Transactions on Image Processing, 1993, 2 (3):327-340. 
[16] Ffrench, P.A., Zeidler, et al. Enhanced Detectability of Small Objects in Correlated Clutter Using an Improved 2—D Adaptive
Lattice Algorithm. IEEE Trans. Image Processing, 1997, 6 (3):383-397. 
483Xiangzhi Bai et al. / Procedia Engineering 15 (2011) 479 – 483 Author name / Procedia Engineering 00 (2011) 000–000 5 
[17] Shirvaikar, M.V., Trivedi, et al. A Neural Network Filter to Detect Small Targets in High Clutter Background. IEEE Trans. 
Neural Networks, 1995, 6 (1):252-257. 
[18] EI-Napa, I., Yang, et al. A Support Vector Machine Approach for Detection of Microcalcifications. IEEE Trans. Medical 
Imaging, 2002, 21 (12):1552-1563. 
[19] Moghaddam, B., Pentland, et al. Probabilistic Visual Learning for Object Representation. IEEE Trans. Pattern Anal. Mach. 
Intell., 1997, 19 (9):696-710. 
[20] Casasent, D., Ye, et al. Detection Filters and Algorithm Fusion for ATR. IEEE Trans. Image Processing, 1997, 6 (1):114-125. 
[21] Deshpande, S.D., Er, et al. Max-Mean and Max-Median Filters for Detection of Small-targets. Proceedings of SPIE, 1999, 
3809:74-83. 
[22] Mooney, J. Silverman, M., et al. Point Target Detection in Consecutive Frame Staring Infrared Imagery with Evolving Cloud 
Clutter. Optical Engineering, 1995, 34 (9):2772-2784. 
[23] Strickland, R., Han, et al. Wavelet Transform for Detecting Microcalcifications in Mammograms. IEEE Trans. Medical 
Imaging, 1996, 15 (2):218-229. 
[24] Mallat, S. G.. Theory for Multiresolution Signal Decomposition: the Wavelet Representation. IEEE Trans. PAMI, 1989, 11 
(7):674-693. 
[25] Gregoris, D. J., et al. Detection of Dim Targets in FLIR Imagery Using Multiscale Transforms. Proceedings of SPIE, 1994, 
2262:62-71. 
[26] Chen X.Z., Sun H.Y.. Image Targets Detection based on the Energy Feature. Infrared and Laser Engineer, 2001, 30 (1):30-32. 
[27] Cheng Z.X.，Lin Y.P.. Application of wavelet analysis in image processing. Journal of Engineering Mathematics, 2001, 18 
(5):57-86. 
[28] Aach, T., Kaup, et al. Statistical Model-based Change Detection in Moving Video. Signal Processing, 1993, 3 (1):165-180. 
[29] Wang C.B.. Phd Thesis, Shanghai Jiaotong University, 2000. 
[30] Neri, A., Colonnese, et al. Automatic Moving Object and Background Separation. Signal Processing, 1998, 66 (2):219-232 
[31] Ru J.B.. Phd Thesis, South China University of Technology, 2001. 
